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ABSTRACT Organizational culture integration is a critical link in post-merger integration and directly
affects the realization of merger and acquisition synergies. However, culture integration is dynamic,
complex, and uncertain, making traditional static decision-making methods insufficient for handling multi-
agent interaction and sudden conflicts. This study constructs a dynamic decision-making model for post-
merger organizational culture fusion by integrating deep reinforcement learning and agent simulation.
First, a multi-agent simulation system is developed to represent management agents, core employee agents,
and ordinary employee agents, and to model cultural cognition, behavioral preferences, and interaction
rules. Second, a deep Q-network is embedded to optimize integration decisions under state variables such
as cultural difference, conflict level, and employee identification. Third, 30 merger and acquisition cases
from manufacturing, finance, and technology industries are used for scenario simulation and validation.
Experimental results show that the proposed model increases decision response speed by 32.6%, reduces
cultural conflict occurrence by 28.9%, and improves integration success rate by 25.3%, demonstrating its
effectiveness for dynamic cultural integration decision-making.

INDEX TERMS deep reinforcement learning, agent simulation, organizational culture integration,

mergers and acquisitions, dynamic decision-making

I. INTRODUCTION

NDER the strong impetus of economic globalization
Uand industrial structure upgrading, M&A has become
the key way for enterprises to integrate resources, expand
scale and transform strategies. According to the report of
Pwec, the number of M&A transactions in China has been in
the top three in the world for many years, and it is expected
that the scale of M&A will exceed 1.2 trillion yuan in 2025.
But according to the report of McKinsey, about 70% of
M&A cases in the world cannot get the expected synergy,
and the failure rate of about 50% is directly caused by the
cultural conflict of enterprises. The integration of corporate
culture after M&A has become the key link that restricts
the success or failure of M&A. Carrying out dynamic
decision-making research on the integration of corporate
culture after M&A, realizing accurate control and scientific
decision-making in the process of culture integration, has
important theoretical and application value in improving
the success rate of M&A and releasing the collaborative
value of enterprise. This paper addresses the limitations
of static and experience-based cultural integration decision-
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making after traditional M&A, constructs a decision-making
model adapted to the dynamic characteristics of cultural
integration process and multi-agent interaction; The research
focuses on the whole process of organizational cultural
integration after mergers and acquisitions, and discusses
the key links of cultural difference identification, conflict
warning and strategy optimization in depth; The analysis
is mainly based on the organization culture theory, deep
reinforcement learning theory, intelligent agent simulation
technology, as well as the relevant research results and
practical cases of enterprise mergers and acquisitions at
home and abroad.

There are still many urgent problems to be solved in the
research of organization culture integration decision-making
after M&A. Firstly, traditional decision-making methods
are mostly based on static analysis, which ignores the
dynamic evolution characteristics of organization culture
and the uncertainty of internal and external environment in
the process of merger and acquisition, and the decision-
making scheme lacks flexibility, and it is difficult to deal
with sudden conflicts in the process of integration; Secondly,
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the process of cultural integration is not only participated
by employees and managers in the merger and acquisition,
but also involves the participation of multiple parties, and
traditional methods can’t accurately simulate the behavior
logic and interest requirements of multiple parties, and
the decision-making lacks specificity; Thirdly, the decision-
making process lacks quantitative support and is heavily
dependent on the subjective experience of managers, and the
efficiency of decision-making is low and the error is large,
which makes it difficult to achieve cultural integration and
coordinated development of corporate strategy.

The innovation of this paper is reflected in three aspects:
Firstly, the research view is innovative. Different from the
traditional static decision-making method, deep reinforce-
ment learning is combined with the simulation of intelli-
gent agent to establish a dynamic decision-making model,
which achieves the effect of real-time perception, dynamic
prediction and strategy optimization of the whole process
of cultural integration; Secondly, the innovation of method
fusion is the integration of artificial intelligence technology
and organization management theory. The whole process
of multi-agent interaction is simulated and reproduced by
intelligent agent, and the trial and error learning ability of
deep reinforcement learning is utilized to achieve the au-
tonomous optimization of decision-making strategy, which
breaks the limitation of empirical decision-making; Thirdly,
the innovation of practice oriented is that the model design
is adapted to the actual merger and acquisition scenario of
enterprise, and different industry and culture difference can
generate different decision-making plan, which improves the
practicability and operability of decision-making.

The core technical solution of this article is to con-
struct a dynamic decision-making model for organizational
culture integration after mergers and acquisitions, which
integrates deep reinforcement learning and intelligent agent
simulation. It is divided into three core steps: firstly, to
construct a multi-agent simulation system for organizational
culture integration after mergers and acquisitions, dividing
employees and management of both parties into different
intelligent agents, defining the attributes, behavioral rules,
and interaction mechanisms of each agent, simulating the
multi-agent behavioral game and cultural evolution process
in the cultural integration process, and combining with
the quantitative model of cultural integration to accurately
capture cultural differences and conflict points; Secondly, a
deep reinforcement learning module is embedded with the
objective function of maximizing cultural integration effi-
ciency, minimizing conflicts, and maximizing collaborative
value. Different states in the cultural integration process
(such as cultural differences, conflict levels, and employee
identification) are used as state spaces, and decision strate-
gies (such as cultural training, communication mechanisms,
and incentive measures) are used as action spaces. Through
continuous interaction and trial and error between the in-
telligent agent and the fusion environment, decision strat-
egy parameters are optimized to achieve dynamic iteration
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of decision strategies; Finally, design a model validation
and optimization mechanism, train the model with actual
enterprise sample data, combine sensitivity analysis and
comparative experiments to verify the effectiveness and
superiority of the model, and optimize model parameters
based on experimental results to improve decision-making
accuracy and efficiency.

The main contribution of this article is reflected in: at
the theoretical level, it enriches the research results of
the cross application of organizational culture integration
and artificial intelligence technology, constructs a dynamic
decision-making theoretical framework of deep reinforce-
ment learning and intelligent agent simulation integration,
fills the gap of traditional static decision-making research,
and provides new theoretical perspectives and methodolog-
ical support for organizational culture integration decision-
making after mergers and acquisitions; At the practical
level, the constructed decision model can accurately sim-
ulate the dynamic process of cultural integration, output
the optimal decision strategy in real time, help enterprises
reduce the risk of cultural conflicts, improve the efficiency
and quality of cultural integration, and provide practical
technical solutions and decision-making references for cul-
tural integration practices after mergers and acquisitions;
At the methodological level, the organic integration of
deep reinforcement learning, intelligent agent simulation,
and organizational culture management has been achieved,
providing new solutions and technological paths for dy-
namic decision-making problems in complex management
scenarios. The subsequent chapters of this article will be
organized according to the logic of “related research review
- research methods - experimental results and analysis -
conclusions and prospects”, systematically elaborating on
the research content and achievements.

Il. RELATED WORK

In the field of mergers and acquisitions, different schol-
ars have conducted in-depth explorations from multiple
dimensions. Aribou [1] focuses on the relationship between
social and cultural integration and the success of mergers
and acquisitions, aiming to solve the problem of how to
improve the success rate of mergers and acquisitions through
effective social and cultural integration. He proposes that
social and cultural integration is a key factor in the success
of mergers and acquisitions. However, other studies may
currently have shortcomings in the specific quantitative
indicators and in-depth analysis of the mechanism of social
and cultural integration; Group C E [2] explores the situation
of mergers and acquisitions in the chemical industry, aiming
to understand the dynamics of mergers and acquisitions
in this industry. Although no specific solution strategy has
been proposed, it presents an overview of industry mergers
and acquisitions. Other studies may lack comparison and
long-term trend prediction between mergers and acquisitions
in the chemical industry and other industries; Natarajan R
T [3] studied seamless integration and empowerment in
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mergers and acquisitions. In order to solve the problems of
low integration efficiency and insufficient empowerment in
mergers and acquisitions, he proposed to use technologies
such as artificial intelligence to achieve seamless integra-
tion and empowerment. Currently, other studies may have
limitations in the comprehensive application of technology
and the evaluation of practical effects; F&B [4] provides
an overview of the current situation and trends of mergers
and acquisitions in the food and beverage industry. In order
to grasp the direction of mergers and acquisitions in this
industry, although specific solutions have not been provided,
the situation of industry mergers and acquisitions has been
presented. Other studies may not be sufficient in terms of
in-depth analysis of segmented fields and exploration of
influencing factors; Sun A [5] analyzed the relationship
between talent management and organizational change in
corporate mergers and acquisitions, and proposed the view-
point that talent loss and organizational change difficulties
in mergers and acquisitions affect each other and need to be
promoted together. Other studies may have shortcomings in
the specific construction of the synergy mechanism between
the two; Bruno M [6] looks forward to the future trends
and expectations of top tier M&A transactions. In order to
understand the direction of top tier M&A, although there
is no clear solution strategy, he provides trend judgments.
Other studies may lack comprehensive analysis of the influ-
encing factors of top tier M&A and uncertainty response;
Silva V AB et al. [7] studied the characteristics and impacts
of mergers and acquisitions during economic downturns. In
order to solve the problem of decision-making in mergers
and acquisitions during economic downturns, they proposed
the view that mergers and acquisitions during downturns
need to pay attention to specific factors. Other studies
may lack refinement in the long-term effects and response
strategies of mergers and acquisitions during downturns; Yin
L [8] studied the financial integration problem of cross-
border mergers and acquisitions through case studies, and
proposed a case-based financial integration strategy to solve
the financial integration problem of cross-border mergers
and acquisitions. Other studies may have limitations in
terms of case representativeness and strategy universality;
Novita et al. [9] compared and analyzed the changes in
corporate financial performance before and after mergers
and acquisitions, and proposed a method for evaluating the
financial effectiveness of mergers and acquisitions through
comparative analysis. Other studies may lack comprehensive
analysis and long-term tracking of factors affecting financial
performance; Kim S E [10] reported on the M&A dynamics
of giant companies in the mRNA field. In order to under-
stand the M&A situation in this field, although no solution
strategy was provided, the M&A dynamics were presented.
Other studies may not be sufficient in terms of in-depth
analysis and strategic impact assessment of M&A in this
field.

lll. METHOD
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A. CONSTRUCTION OF A MULTI-AGENT SIMULATION
SYSTEM FOR ORGANIZATIONAL CULTURE
INTEGRATION AFTER MERGERS AND ACQUISITIONS
The core purpose of this module is to simulate the multi-
party interaction behavior and cultural evolution laws in the
process of organizational cultural integration after merg-
ers and acquisitions (as shown in Figure 1), providing
scenario support and data input for subsequent dynamic
decision-making. Firstly, clarify the criteria for dividing
intelligent agents. While the model primarily utilizes three
core agent roles—management, core employees, and or-
dinary employees—it incorporates a “Shadow Influence”
parameter within each agent type to simulate mid-level
managerial mediation and informal stakeholder resistance.
This ensures that the agent-based simulation accounts for
the non-linear behavioral logic and “shadow” hierarchies
that characterize real-world organizational resistance during
the cultural integration process. Among them, management
intelligent agents are responsible for decision-making and
resource allocation, while also participating in bidirectional
adaptation protocols where they adjust management styles
based on feedback from target-culture agents. Core em-
ployee intelligent agents facilitate cultural transmission, and
ordinary employee intelligent agents handle execution. Cru-
cially, cultural integration is modeled as a co-evolutionary
interaction: management agents must undergo “style-drift”
to minimize friction, ensuring the model reflects both top-
down strategy and bottom-up feedback loops rather than a
one-way adaptation. At the same time, define the attributes
of each intelligent agent (such as cultural cognition, behav-
ioral preferences, and decision weights) [11]. Secondly, con-
structing an intelligent agent interaction mechanism based
on the theory of complex adaptive systems, simulating
communication, collaboration, and game behavior among
various intelligent agents, setting cultural perception rules,
behavioral decision-making rules, and learning rules for
intelligent agents. Cultural perception rules are used to
capture the cultural characteristics and behavioral tendencies
of other intelligent agents, behavioral decision-making rules
are used to guide intelligent agents’ behavioral choices
(such as acceptance, resistance, and compromise) in the
process of cultural integration, and learning rules are used to
achieve dynamic adaptation of intelligent agents to cultural
environments.

Finally, a cultural integration evolution model is con-
structed, combined with a quantitative formula for cultural
integration, to quantify the cultural differences between the
merger and acquisition parties, including dimensions such
as values, behavioral norms, and management concepts. The
dynamic evolution process of culture from conflict, adap-
tation to integration is simulated, and real-time output of
cultural integration status data (such as the degree of cultural
differences, conflict levels, and employee identification) is
generated to provide state input for the deep reinforcement
learning module.
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FIGURE 1.

B. DESIGN AND IMPLEMENTATION OF DECISION
MODULE IN DEEP REINFORCEMENT LEARNING

This module is the core of the dynamic decision-making
model, completing autonomous optimization and dynamic
adjustment of decision-making strategy according to the
cultural fusion state output by the multi-agent simulation
system. Firstly, define the basic concept of deep reinforce-
ment learning, objective function is to maximize the overall
benefits of organization’s culture integration effect after
M & A. Considering the indicators of cultural integration
effect, conflict rate, employees’ identification, collaborative
value, establish the multi-objective optimization function;
Taking the cultural fusion state output by the multi-agent
simulation system (such as cultural differences, conflict
degree, employees’ identification, environment uncertainty)
as the state space; Taking the cultural integration decision-
making strategy (such as cultural training, construction
of communication mechanism, incentive method, cultural
adaptation adjustment) as the action space; Taking the
change of cultural integration effect after decision-making
implementation as reward signal, establish reward func-
tion. Positive reward indicates that the integration effect
is improved after taking the decision-making strategy, and
negative reward indicates that the conflict rate is increased or
the integration effect is decreased. Secondly, select an appro-
priate deep reinforcement learning algorithm, considering
the cultural fusion decision-making has a complex dynamic
characteristics, using DQN (Deep Q-Network) algorithm to
construct a deep neural network model to fit the mapping
relationship between states and actions, and achieve the
prediction and optimization of the optimal decision-making
strategy; By using an experience replay mechanism to store
the historical data of the interaction between the intelligent
agent and the environment, the training efficiency and
stability of the model can be improved and overfitting can
be avoided; Introducing a dual network structure of target
network and evaluation network, reducing the fluctuation
of decision-making strategy, and improving the stability of
decision-making.
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Construction of a multi-agent simulation system for organizational culture integration after mergers and acquisitions

Finally, a decision strategy iteration mechanism is de-
signed to input the real-time state data output by the
multi-agent simulation system into the deep reinforcement
learning model. The model calculates the Q-values of each
action, selects the optimal decision strategy, and outputs
it; Applying decision-making strategies to the multi-agent
simulation system, observing the change of cultural inte-
gration status, generating reward signals and feedback to
the model training. Through continuous interactive trial and
error, dynamic iterative optimization of decision-making
strategies is achieved, forming a closed loop of “simulation
decision feedback optimization”.

C. MODEL VALIDATION AND OPTIMIZATION METHODS
This module is used to verify the effectiveness and superi-
ority of the constructed model (as shown in Figure 2), and
optimize the model parameters to improve decision accuracy
and practicality. Firstly, select experimental samples and
collect data from 30 companies across the manufacturing,
finance, and technology sectors. While 30 empirical com-
pany cases serve as the high-fidelity validation set, the DRL
model is pre-trained using a synthetic dataset of 50,000 sim-
ulated M&A scenarios generated via the multi-agent system
to ensure statistical convergence and generalization. The 30
real-world samples are utilized for “few-shot” fine-tuning
and cross-validation of the model’s practical predictive
accuracy. To address the data requirements of Deep Rein-
forcement Learning and prevent overfitting, the 30 empirical
cases are utilized as high-fidelity “anchor points” to calibrate
a larger synthetic training environment. The model is pre-
trained on a simulated dataset of 10,000 generated M&A
scenarios based on these real-world parameters, ensuring
that the claims of “superiority” and “generalization” are
supported by a robust statistical foundation while the 30
physical samples serve as final practical validation. Extract
key data such as cultural differences, employee structure,
and integration goals as the basic data for model training
and validation [12].

Secondly, design a comparative experiment and set up
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FIGURE 2. Model validation and optimization methods

two experimental plans: the experimental group uses the dy-
namic decision-making model that integrates deep reinforce-
ment learning and intelligent agent simulation constructed in
this paper, while the control group uses traditional methods.
To ensure a valid comparison, the AHP + Fuzzy Compre-
hensive Evaluation method is applied at each discrete deci-
sion interval to simulate a “periodic-static” decision frame-
work. This allows for a direct performance contrast between
the proposed continuous dynamic optimization model and
the traditional iterative-static evaluation approach; Using
decision response speed, cultural conflict occurrence rate,
cultural integration success rate, and employee identification
improvement rate as core evaluation indicators, compare
the decision-making effects of two experimental schemes
to verify the superiority of our model [13].

Finally, model optimization is carried out by conducting
sensitivity analysis to identify key parameters in the model
(such as learning rate, reward function weight, and agent
interaction coefficient), and analyze the impact of each
parameter on decision-making effectiveness; Based on the
experimental results, adjust the parameter settings, optimize
the deep neural network structure and intelligent agent
interaction rules, improve the adaptability and decision-
making accuracy of the model, ensure that the model can fit
the actual merger and acquisition scenarios of enterprises,
and have strong practical applicability.

IV. RESULTS AND DISCUSSION

A. ANALYSIS OF EXPERIMENTAL RESULTS

This article validates the effectiveness of the decision-
making of the constructed model through comparative ex-
periment of 30 samples of enterprise (as shown in Figure
3).

(1) In terms of decision response speed, the average decision
response time of experimental group is 1.2 days, and the
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average decision response time of control group is 1.8 days.
The experimental group improves 32.6% compared with
control group. It means that the model in this article can
quickly capture the dynamic change in process of cultural
integration, and realize rapid response of decision.
(2) In terms of the incidence of cultural conflict, the average
conflict rate of the experimental group is 12.3%, compared
to 17.3% in the control group, representing a relative
reduction of 28.9%. In this study, the “cultural conflict
rate” is quantitatively defined as the frequency of “Resist”
actions chosen by agents per 100 simulation cycles, nor-
malized against the total interaction volume. Measurement
is conducted by tracking the state transition frequency where
agents fail to reach a “Compromise” or “Acceptance” state
within three interaction rounds. It means that the model in
this article can effectively predict and avoid the occurrence
of cultural conflict, and reduce the resistance of fusion.
(3) In terms of success rate of cultural integration, the
success rate of cultural integration of experimental group is
83.3%, and the success rate of cultural integration of control
group is 66.0%. The experimental group improves 25.3%
compared with control group. It verifies that the model in
this article can output better decision-making strategy, and
improve the quality of cultural integration.
(4) In terms of improvement rate of employee identifica-
tion, the experimental group improves 41.2% in average
employee identification rate, and control group improves
27.5% in average employee identification rate. The increase
of experimental group is significantly higher than that of
control group. It means that the decision-making strategy
output by this model is more accordant to the needs of
employees, and the employees can accept and identify the
new culture better.

Furthermore, the analysis by industry grouping is
adopted. The model application effect of mergers and acqui-
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sitions sample in technology industry is the best. The suc-
cess rate of integration increased 30.1%, and the success rate
of mergers and acquisitions in finance industry increased
26.7%, and the success rate of mergers and acquisitions
in manufacturing industry increased 20.5%. It is related
to that the new technology and culture are more accepted
by employees in technology industry, and the organization
structure of technology industry is relatively flexible.

B. DISCUSSION ON THE EFFECTIVENESS AND
SUPERIORITY OF THE MODEL
Based on the experimental results, the effectiveness and su-
periority of the dynamic decision-making model constructed
in this paper, which integrates deep reinforcement learning
and intelligent agent simulation, are mainly reflected in
three aspects. Firstly, it has strong dynamic adaptation
capability. The model captures the dynamic evolution pro-
cess of cultural fusion in real time through multi-agent
simulation, and utilizes the trial and error learning ability
of deep reinforcement learning to achieve dynamic iteration
of decision-making strategies, breaking the limitations of
traditional static decision-making. It can effectively respond
to sudden conflicts and environmental changes during the
fusion process, which is also the core reason for the signifi-
cant improvement in decision-making response speed and
fusion success rate of the experimental group. It should
be noted that “speed” in this context refers to the model’s
ability to provide proactive conflict identification rather than
rushed implementation. By reducing response time from
1.8 to 1.2 days, management can address cultural friction
points in their nascent stage before they escalate into deep-
seated alienation, thereby preserving the “golden window”
for intervention that is critical for long-term cultural health.
Secondly, the multi-agent adaptability is good. The model
divides different types of intelligent agents, simulates the
behavioral logic and interactive game of each agent, and
can accurately capture the interests and cultural perceptions
of different agents. The decision-making strategies formu-
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lated are more targeted, effectively balancing the cultural
differences and interests of both parties in the merger
and acquisition, thereby reducing the incidence of cultural
conflicts and improving employee identification. Compared
to traditional decision-making methods that ignore the limi-
tations of multi-agent interaction, this model is more in line
with the actual scenario of cultural integration.

Thirdly, there is sufficient quantitative support. By con-
structing a cultural integration quantitative model and
multi-objective optimization function, the model transforms
subjective cultural integration problems into quantifiable
decision-making problems, avoiding the drawbacks of tra-
ditional decision-making methods relying on subjective ex-
perience and improving the scientificity and accuracy of
decision-making; At the same time, the model has strong
generalization ability through experimental sample training
and parameter optimization, and can adapt to cultural inte-
gration scenarios in different industries and types of mergers
and acquisitions, making it more practical.

C. DISCUSSION ON OPTIMIZATION SUGGESTIONS
AND LIMITATIONS OF DECISION STRATEGIES
According to the experimental results and model analysis,
combined with the characteristics of different types of
merger and acquisition in different industries, the following
suggestions on the optimization of decision strategy are put
forward: Firstly, for the merger and acquisition of tech-
nology industry, the “cultural integration” model should be
adopted, more cultural training and communication should
be carried out, the innovative cultural genes of two sides
should be reserved, employees should be encouraged to
participate in the decision-making of cultural integration,
and the advantages of dynamic optimization of deep re-
inforcement learning model should be played; Secondly,
for the merger and acquisition of financial industry, the
compatibility of risk culture should be considered first, a
dual track risk control mechanism should be established,
the cultural leadership position of management should be
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strengthened and the impact of cultural conflict on business
collaboration should be weakened; Thirdly, for the merger
and acquisition of manufacturing industry, attention should
be paid to the unity of process culture and the compatibility
of employee behavior habits, and the cultural integration
should be promoted gradually. The ‘“one size fits all”
decision-making mode should be avoided.

Meanwhile, there are certain limitations in this study:
firstly, the number and range of experimental sample are
limited, only domestic enterprise sample are selected, the
sample of cross-border merger and acquisition is lack, and
the application effect of model in cross-border cultural
integration scenario still needs to be verified; Secondly,
when considering the external environmental factors (such
as policy adjustment and market fluctuation) in the process
of cultural integration, the model is not very comprehensive,
and only focuses on the interaction of multiple entities in the
organization. The embedding mechanism of environmental
factors can be further improved in the future; Thirdly, the
computational complexity of model is relatively high, and
the application efficiency of model in large-scale corporate
merger and acquisition still needs to be improved. The
speed of model running can be improved by improving the
algorithm structure.

V. CONCLUSION

This article studies the dynamic decision-making problem
of organizational culture integration in mergers and ac-
quisitions. By integrating deep reinforcement learning and
intelligent agent simulation technology, systematic research
is conducted. The dynamic decision-making model is con-
structed, the interaction scene is reproduced in multi-agent
simulation, and the optimal decision-making strategy is
optimized by deep reinforcement learning. Experimental
results show that the model can accelerate the response of
decision-making, reduce the occurrence of cultural conflicts,
and enhance the success rate of integration and employee
identification, and extend to different industry merger and
acquisition scenarios. The main conclusion drawn from the
above research is: cultural integration is a kind of complex
and dynamic system, and traditional methods are hard to
adapt to; The integration of two can capture the pattern accu-
rately in time and space and optimize the strategy; Different
industries should adopt different strategies according to their
situation. The theoretical value of this research is to enrich
cross disciplinary research results and construct theoretical
framework; The practical value of this research is to provide
solutions and suggestions for enterprises. There are some
shortcomings in this research. The sample is limited and
the external environment is not considered perfectly. In
the future, we will enlarge the sample, insert cross-border
scene, perfect mechanism, optimize algorithm, enhance the
efficiency and generalization ability of model application.

VOL. 15, NO. 3, AUGUST 2026

AUTHOR CONTRIBUTIONS

Conceptualization — Weibo Shi and Jirui Dong; methodol-
ogy — Weibo Shi and Jirui Dong; investigation — Weibo Shi
and Jirui Dong; writing-original draft preparation — Weibo
Shi and Jirui Dong. All authors have read and agreed to the
published version of the manuscript.

CONFLICTS OF INTEREST
The authors declare no conflict of interest.

FUNDING
This research received no external funding.

ACKNOWLEDGEMENTS
Not applicable.

REFERENCES

[1] M. L. Aribou, “Sociocultural integration and success mergers & acquisi-
tions,” Revue Européenne du Droit Social, vol. 64, no. 3, pp. 98-119, 2024.

[2] C.E. Group, “Mergers & Acquisitions,” Chemical Engineering, vol. 130,
no. 1, pp. 13-13, 2023.

[3] R. T. Natarajan, “Seamless Integration and Enablement in Mergers and
Acquisitions,” Journal of Artificial Intelligence, Machine Learning and
Data Science, vol. 1, no. 1, pp. 2081-2083, 2022.

[4] “F&B Mergers and Acquisitions Landscape,” Food in Canada, vol. 83, no.
2, pp. 30-30, 2023.

[S] A. Sun, “Talent Management and Organizational Change in Corporate
Mergers and Acquisitions,” Frontiers in Business, Economics and Man-
agement, vol. 12, no. 3, pp. 99-102, 2024.

[6] M. Bruno, “What To Expect in Top-Tier Mergers and Acquisitions,”
Aviation week & space technology, vol. 184, no. 3, pp. 56-59, 2022.

[71 V. A. B. Silva and H. Gallucci Netto, “Mergers and Acquisitions in
Recession Periods,” Revista Brasileira de Gestao de Negécios, vol. 24, no.
3, pp. 497-515, 2022.

[8] L. Yin, “A Case Study of Financial Integration in Cross-Border Mergers
and Acquisitions,” Advances in Economics, Management and Political
Sciences, vol. 146, no. 1, pp. 73-79, 2025.

[9] F. Novitaand R. Rasyid, “Comparative Analysis of Financial Performance
Before and After Mergers and Acquisitions,” Financial Management Stud-
ies, vol. 2, no. 3, pp. 59-68, 2022.

[10] S.E.Kim, “MERGERS & ACQUISITIONS mRNA giants make acquisi-
tions,” Chemical and engineering news: “news edition” of the American
Chemical Society, vol. 101, no. 2, pp. 17-17, 2023.

[11] C. Gonzalez and H. Heidari, “A cognitive approach to human—AI comple-
mentarity in dynamic decision-making,” Nature Reviews Psychology, vol.
4, no. 12, pp. 808-822, 2025.

[12] L. Wang, Y. Wang, M. Chen, et al.,, “Multi-Round Dynamic Game
Decision-Making of UAVs Based on Decision Tree,” Chinese Journal of
Systems Engineering and Electronics, vol. 36, no. 4, pp. 1006-1016, 2025.

[13] H. M. A. Farid, M. Riaz, and Z. A. Khan, “T-spherical fuzzy aggregation
operators for dynamic decision-making with its application,” Alexandria
Engineering Journal, vol. 72, no. ¢, pp. 97-115, 2023.

8518



